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Abstract

A significant amount of Al information has been incorporated into the process of selecting products that offer
consumers more precise and individualized services. Conducting research on the various functional experiences of Al
for consumers is crucial in order to enhance the current implementation of Al information in China. The purposive
sampling techniques is used to target the desired consumer in China. In order to assist consumers in selecting the
desired product, this study categorizes Al-related information into three distinct dimensions: insight, interaction, and
accuracy. The mediating variable is defined as the consideration set. This study employs primary methods to examine
the impact of three components of Al information in order to investigate the internal mechanism that influences
consumers' product selection. The findings shows that Al insight is the strongest predictor of consideration set followed
by accuracy and interaction is also significant. This study is significant for e-commerce, consumer and market.
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1. Introduction

E-commerce is a highly dynamic industry due to the technological evolution. Many of these types of organizations readily
incorporate new technologies whenever they become available in an effort to increase their competitiveness. Ecommerce
proprietors have integrated artificial intelligence (Al) into their repertoire of technologies. Ecommerce emerged as the primary
adopter of artificial intelligence, with the Fin-tech sector following suit (Pushpa et al., 2023). Over the last seven years, there has
been a substantial surge in its adoption. As reported in Makarius et al. (2020), an approximated 84% of these organizations are
presently adopting artificial intelligence or are planning the adoption of this technology. Furthermore, 25% artificial intelligence
has generated an additional 25% in revenue for ecommerce companies, according to reference (Lari; Vaishnava; Manu, 2022).
Practically all e-commerce platforms possess critical customer data that could be leveraged to enhance targeted advertising
(Camilleri, 2020). Conversely, the vast majority of organizations are incapable of utilizing the terabytes upon terabytes of data at
their disposal. Beneficial in this circumstance, big data analytics employ artificial intelligence to automate the processing of
tremendous data sets (Rahmani et al., 2021). In a departure from conventional marketing practices, a number of major retailers
are perpetually enhancing their results through the application of machine learning.

The conversion of consideration into selection or intention to purchase is a critical function performed by artificial intelligence.
E-commerce enterprises obtain a substantial volume of data pertaining to prospective customers or leads (Li; Zhang, 2021).
Warm leads (who have expressed interest in the brand or product) and cold leads (who may not be familiar with the brand) can
both be contacted via Al (Puntoni et al., 2021). Warm leads are those who have already demonstrated consideration in the brand
or product. In addition to this, empirical evidence supports the notion that artificial intelligence is an exceptionally effective
method for remarketing customers. Retargeting is a marketing strategy that targets prospective customers who are in the sales
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funnel but have not yet completed the purchase process (Zhang; Zantedeschi; Shivendu, 2023b). While there are numerous
methods for retargeting with artificial intelligence, the vast majority of them involve personalized business messages.

Presently available commercial messaging that is most personalized is conversational artificial intelligence (Al)
(Shumanov; Johnson, 2021). It is critical to comprehend and retrieve information in the consumer's context as opposed
to the business context. The majority of an organization's data resides in its database. However, Al simplifies the process
of data analysis. Prior research has examined Al data within the framework of business operations. This study applies
Al information to the consumer context. As a result, consumers rely on Al-generated information to make product
selections, as they perceive Al to deliver precise, insightful, and interactive data. Therefore, these dimensions are
regarded as Al information in this study (Baez-Sanchez; Bobko, 2020).

Document "Secrets of Artificial Intelligence Winning Consumers: Enabling Human Intelligence" was published by the
Capgemini Digital Transformation Research Institute. His research indicates that 38% of consumers have a positive
experience with Al, and their purchase volume increases substantially. Several studies have examined Al service adoption
willingness, Al personalized recommendations (Yoon; Lee, 2021), Al pricing (Flavian et al., 2022), and Al consumer assistants
(McLean; Osei-Frimpong; Barhorst, 2021) in various marketing scenarios, including information delivery (Yaiprasert;
Hidayanto, 2023) and service delivery. Nevertheless, there is an inadequacy of research that examines the mechanism of
Al information in the context of consumer, particularly regarding the influence mechanism on buyer product selection,
and that takes into account all Al information in the context of purchase intention or product selection. The inquiry into
whether a consideration set can serve as a mediator variable between Al information and consumer product selection, as
well as the extent to which the mediator influences product selection, remains unanswered. Thus, we develop a structural
equation model in this research endeavor to investigate the relationship between Al information and consumers'
purchasing decisions regarding products. We also assess the mediating effect of the consideration set in this relationship.
Concurrently, we seek to ascertain the differential impact of each predictor through the mechanism of a mediator. The
findings establish a practical foundation for companies to investigate a well-researched avenue of Al information and to
enhance buyer purchasing consideration in order to significantly improve the sustainability of shopping services.

The results indicate that each of the proposed hypotheses is statistically significant and supported. The consideration set is
primarily determined by the impact of Al insight, with accuracy and interaction respectively. This study provides researchers
with the chance to explore heightened customer perspectives that improve the precision, usability, and promptness of Al
information. Furthermore, this study holds importance for businesses aiming to restructure their consumer targeting
strategies through the implementation of Al-powered information categorization. The structure of the paper is as follows.

The subsequent sections of this paper are structured as follows. In Section 2, the literature review and formulation of
the hypotheses are presented. In Sections 3 and 4, the research methodology and outcomes of hypothesis testing are
detailed. In addition, the paper concludes with a discussion of the study's contributions, limitations, and outcomes, as
well as recommendations for future research.

2. Literature Review and Hypotheses Development

This study proposes that online shopping platforms can provide consumers with intuitive Al information via intelligent
delivery accuracy, intelligent recommendation, and virtual customer service assistants, based on an extensive review
of domestic and literature and the information of industrial workers. As a result, this study addresses in an innovative
manner the aforementioned three categories of Al information that affect the experiences of online consumers:
interactive information, accurate information, and insight information.

An intelligent decision support system is created through the incorporation of artificial intelligence, information technology, and
systems engineering-related technologies. This system has the capacity to significantly alter the capabilities of human decision-
making (Duan; Edwards; Dwivedi, 2019). Intelligent recognition and search refers to the ways in which the marketing engines of e-
commerce platforms utilise Al information and big data to expedite the filtering process for consumers when confronted with
vast quantities of data (Kashyap; Sahu; Kumar, 2022). When consumers enter keywords, voice, or images into the search bar,
artificial intelligence can use text, voice, and image analysis information to locate and priorities potential targeted commodities
(Shahin; Chen; Hosseinzadeh, 2024). Autonomous neural networks for learning have effectively mitigated the 30% error rate
observed in 2010 and reduced it to 4% by 2016 (Parisi et al., 2019).

By 2021, Al speech recognition will have attained parity with that of humans. A proliferation of data volume introduces
intricacy into the decision-making process at the individual level, ultimately rendering it unfeasible to finalize
(Vijayalakshmi; Jayasudha, 2024). Intelligent search engines can help users remove dissonance and assist consumers in
finding the desired product in an accurate manner (Chetioui; El Bouzidi, 2023). The foregoing demonstrates conclusively
that Al information can provide consumers with accurate data (Deng et al., 2021). Currently, prominent Chinese e-
commerce platforms and various search engines, have achieved text, image, and voice recognition capabilities.

The stimulation of Al information technology is conducive to consumers making complex selection decisions (Bjgrlo;

€330020 Profesional de la informacién, 2024, v. 33, n. 1. e-ISSN: 1699-2407 2



Role of Artificial Intelligence Information in Product Selection for Chinese Consumers

Moen; Pasquine, 2021), which can save consumers time and money when purchasing (Hoyer et al., 2020), making shopping
decisions more accurate and contributing to the enhancement of consumers' shopping efficiency (Tsai et al., 2020). In
order to give consumers a more effective consumption reference and make the consideration set form of the entire
consumption process richer and smoother, In five areas—problem recognition, information collection, alternative
evaluation, purchase decision-making, and post-purchase evaluation—artificial intelligence technologies such as
speech recognition, machine vision, and visual recognition—can provide greater insight into consumer behavior (Rést;
Sadeghimanesh, 2021; Gkikas; Theodoridis, 2022). Accurate and extensive information stimulation during user interactions
on e-commerce platforms can broaden the scope of target selection for consumers (Xue et al., 2020). The personalized
information needs of consumers with regard to delight, regard, and attention can be met by the visual impact of online
purchasing and perusing (Batool; Mou, 2023). Artificial intelligence can search for words, images, and voice using
machine vision and deep learning technologies, allowing consumers to accurately identify product features (Haleem et
al., 2022). This improves the consumer search experience, reduces shopping boredom, and increases interest in the
consumption process (Hyun; Thavisay; Lee, 2022). Following this, the subsequent hypotheses are proposed:

H1: Al information accuracy has positive and significant influence on product selection of consumers via consideration set
H1la: Al information accuracy has positive and significant influence on consideration set of consumers in China.

In accordance with user preferences and propensity to pay, machine learning can personalize the content of the
organization's website and establish seamless, cross-device connections with consumers across all channels (Heinemann,
2023). Regarding the comprehension of consumer preferences, machine learning is arguably the most effective technology
(Sun; Zafar; Hasan, 2022; Ma; Sun, 2020). Personalized solutions can be generated based on Al-generated information that
accurately predicts user requirements and provides insight into users (Verma; Kumari, 2023). The interactive consultation and
decision-making system (Jussupow et al., 2021). is the marketing software system that utilizes information from Al technology
and big data (Haleem et al., 2022). Automatic knowledge acquisition and intelligent decision-making are its most conspicuous
attributes (Cossette-Lefebvre; Maclure, 2023). The most prevalent application of Al information in the marketing domain, as
perceived by users, is the provision of desired products to thousands of consumers in a timely manner (Haleem et al., 2022).
Among these applications, the intelligent push portion of the "guess you like" function on online shopping platforms is the
most prevalent utilization of Al information (Deng; Guo, 2023). To gain informational insight into consumer behavior, Al
information technology maximizes the utilization of the vast quantities of data stored on the e-commerce platform (zZhang;
Pee; Cui, 2021). It minimizes the cognitive burden of consumers, is committed to providing optimal services for customers
through prediction, and employs a recommendation engine to suggest products that users may purchase in the future based
on their previous purchases. As compared to conventional retail, the precision and impact of "intelligent" advertising
executed via Al technology are considerably greater (Qin; Jiang, 2019). The aforementioned describes the experience of
employing the insight function that Al information provides to consumers.

A crucial subfield of artificial intelligence is machine learning. It can precisely discern the preferences and purchasing
requirements of customers, deliver tailored information to current and prospective clients, and offer more efficient product
selection recommendations to consumers, in accordance with an algorithm of evolutionary behavior derived from empirical data
(Ahn, 2010). Nonetheless, some mechanism must be in place for the intelligent spread of information to affect the product
selection behaviour of consumers. In order to prevent the loss of the purpose and significance of purchasing, the promoted
information must elicit a certain level of cognitive and physical engagement from the consumer, as well as stimulate their
consideration of the information's efficacy (Underwood; Klein; Burke, 2001). Therefore, the following assumptions are put forward:

H2: Al information insight has positive and significant influence on product selection of consumers via consideration set
H2a: Al information insight has positive and significant influence on consideration set of consumers in China.

Al customer service has supplanted human customer service as a result of machine learning and natural language interaction.
Al customer service provides users with a human-like communication mode (Song et al., 2022), can comprehend and respond
to consumer language (Adam; Wessel; Benlian, 2021), aids businesses in consumer marketing and sales (Dagar; Smoudy, 2019),
and logs customer preferences and behaviors (Ostrom; Fotheringham; Bitner, 2019). In order to better communicate with
consumers and merchants, the online shopping platform's virtual assistant has started to take on the role of intelligent
information (Demirkan; Spohrer, 2014). This is especially true when it comes to providing advice on common issues like
products, inventory, invoices, logistics, and returns (Zhang et al., 2023a). Positioned at the entrance, an Al virtual assistant can
provide voice interaction with consumers to provide intelligent interactive information that assists them in making complex
purchase decisions and concluding closed-loop consumption (Bhardwaij et al., 2024). The interactive Al information technology
offers consumers is accurately reflected in the aforementioned.

Individuals may experience either a favorable or unfavorable emotional reaction to and be influenced by the information
generated by artificial intelligence (Chiu; Zhu; Corbett, 2021), notwithstanding their awareness that this influence does not
originate from a genuine interpersonal emotional exchange (Edmondson; Bransby, 2023). Certain scholars hold the belief
that Al information technology can facilitate the automation of consumer feedback management (Haleem et al., 2022).
Furthermore, they assert that artificial intelligence-powered emotional analysis can aid marketers in providing more
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effective responses to consumers, by augmenting the intelligence quotients of automated customer service agents
operating on e-commerce platforms, the overall consumer value experience for online purchasing can be elevated (Sun et
al., 2022). Consequently, the subsequent assumptions are proposed: The number of products on a client's desire list
constitutes a consideration set. Irrespective of the list's extent, a consumer retains the discretion to proceed or abstain
from the purchase. Individuals who mark products as favorites on ecommerce platforms are more likely to ultimately make
a purchase of those items, according to (Meng et al., 2021). When an individual adds an item to a wish list, it is due to their
being impressed by its features (Malik et al., 2020). The items on this list are rarely removed unless they are sold out
(Turunen; Cervellon; Carey, 2020). However, on each visit to the 'cart’, 'favorites', or 'wish list' pages, the products will serve
as a visual reminder of the user's prior purchase intent or product selection (Wang; Cheah; Lim, 2023). The outcome is a
customer-driven desire to finalize the transaction and obtain the products that are enumerated, and this alternative is
consistently accessible and convenient for the client (Gbadamosi, 2020). Numerous consumers, provided they possess the
necessary financial means to complete the transaction, are captivated by the purchase (Aljukhadar; Bériault Poirier; Senecal,
2020). The researcher thus developed the following hypothesis:

H3: Al information interactive has positive and significant influence on product selection of consumers via consideration set
H3a: Al information interactive has positive and significant influence on consideration set of consumers in China.
H4: There is a positive and significant influence of consideration set to product selection of consumer in China.

3. Research Methodology

The research philosophy places emphasis on the process by which beliefs and assumptions contribute to the advancement of
knowledge (Coates, 2021). It is specifically what the researchers strives for during the course of conducting research and acquiring
knowledge in a given field. The present study employs the positivist philosophy of analysis. Just as generalizations originate from
an observable social reality, positivism focuses on that which generates laws. This philosophy bases the development of
hypotheses in this study on an established theory. In addition, this philosophy is applied to this research due to its focus on
guantifiable and measurable data. In conducting this research, data collection and analysis are conducted using the quantitative
method. The quantitative approach emphasizes measurable data and offers a methodical framework for evaluating occurrences
and their correlations. Furthermore, in the course of conducting this research, the author assessed the instruments' validity and
reliability in order to guarantee the data's rigor. The research paper incorporated a descriptive survey design, which drew
inspiration from the positivist research philosophy that underpins the study. The philosophy is appropriate as this research
investigates the impact of artificial intelligence information on the product selection of consumers during both online and in-
person purchases. We are specifically intrigued by investigating the manner in which a consumer evaluates products beyond the
mere act of selecting them. Our Research Model, upon which a collection of testable hypotheses is constructed, is depicted in
Figure 1. By employing this methodology, the investigator ascertained that data would be gathered at the consumer level. The
researcher utilized social media to engage the target consumer in an effort to reduce the potential number of responses and
improve the quality of those received. The criteria for inclusion were individuals who had gathered the product data. It was
determined that the study population consisted of the total number of users who matched this profile.

Al_Information
Accuracy

Selection of
Product

Al_Information
Insight

-

Consideration of

Al_Information product

Interactivity

Figure 1: Al Information Model.
3.1. Sample Procedure and Data Collection

A sample comprises a portion of the entire population that is being examined. The study population consisted of Chinese market
consumers. To determine the sample, the researcher employed the technique of purposive sampling. As the criterion for
determining the unit of analysis from China, the analysis of product-specific information from Al is required by the participant.
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Additionally, participants were required to purchase or consider the product through online within the previous two months
utilizing the information provided by the artificial intelligence systems and to be willing to partake in the research. A probabilistic
sampling method was employed to ensure that every Chinese had an equal opportunity to partake in the survey. It was
considered appropriate due to the similarity of characteristics among all the respondents. The initial vetting process involved
meeting the purposive criteria of sampling. Social media platform use to target the audience for initial purposive screening in
China. There are nearly one thousand individuals who meet the requirements and attest to answer the preliminary inquiries. The
participants who expressed interest were provided with email URLs to the questionnaires. The online survey was administered
through Google Forms, a platform that was created and is owned by Google in order to facilitate the accumulation of data for
research purposes. All inquiries were made available on the website, and participants were directed to them via a hyperlink in
order to engage with the questions. For convenience's sake, the researcher drafted the questionnaire using easy English. One
thousand individuals were mailed the questionnaire. The encouraging result indicated that 343 participants completed the
guestionnaire in a timely manner, representing a response rate of 34.3%. Even more positively, there were no unanswered
inquiries. The researcher ensured this result was achieved by following up with those who had not responded to their
questionnaire via email reminders. A reminder was also extended to individuals who had only partially completed the task. Using
the G power formula, the researcher calculated that a minimum sample size of 137 was required. The calculation was predicated
on this numerical value. Thus, the final sample is 392 that is more than sufficient.

3.2. Measurement

Regarding the evaluation of artificial intelligence information in the context of product selection. A comprehensive literature
review on current artificial intelligence information and functional scenarios for the Chinese’ consumer helps to decide the
measurement of artificial intelligence information. Building upon the aforementioned summary, this article assesses the
three-dimensional nature of consumers' Al-information in process to select the product. Accuracy refers to the ability to
locate the desired product. The second refer to insight to personalized recommendations, and interactivity refer to virtual
assistance with a specific inquiry. The measure of accuracy is derived from Yin and Qju's (2021) research. The measurement
of insight experience is determined by the research perspectives of Qian and Xu (2019), Kumar et al. (2019), and Jordan and
Mitchell (2015). The dimension of interactivity measurement pertains to the assessment of responsiveness as defined by Jiang;
Zhao, and Meng (2014). The measurement of the consideration set is based on Shocker et al.'s (1991) research. The product
selection of consumers is quantified using the scale developed by Lorenzo-Romero; Alarcon-del-Amo, and G6mez-Borja (2016).
The researchers have developed a measurement that incorporates the relevant aspects of product selection by using artificial
intelligence information. Point 1 denoted strong disapproval and point 7 signified strong approval, in accordance with the
measurement items of the aforementioned scale, which were utilized to construct the questionnaire. Two phases were
utilized to complete the survey so as to assurance the rationality and efficacy of the questionnaire design. A large number of
instruments are available on artificial intelligence technologies advance. Therefore, the modifications are incorporated into
each individual scale. Conversely, this research endeavor devised a survey within the framework of employing Al information
to ascertain the optimal product. Insight, interactivity, and accuracy are the three primary attributes of the information. Three
components were utilized as Al information in this research.

3.3. Data Analysis

The data analysis for this study was conducted using SPSS 25.0 and Smart PLS. The collected data for the scale were
initially subjected to validity and reliability tests. Furthermore, to validate the fit between the model and the data,
confirmatory factor analysis (CFA) was performed on the structural equation model (SEM). The theoretical model was
subsequently subjected to overall and multi-group path coefficient analyses.

3.4. Pilot Study

Due to modifications made to the instruments, the initial phase was the pre-survey stage. Twenty participants were
sent the pilot study via We Chat, which was conducted through the social media platform, so that they could complete
it. We ensured that respondents could comprehend the research terms and product selection by providing an overview
of the purpose of the study and the definition of Al and Al information at the beginning of the questionnaire. This
included intelligent search, intelligent accuracy and recommendation, and virtual customer service assistant. The
effective rate was ultimately 86%, with the confirmation of 13 valid questionnaires. A preliminary investigation was
conducted to identify significant factors for the questionnaire. 16 items and six latent variables were derived from the
analysis of fifteen small-scale questionnaires. As 0.93 is an Alpha value greater than 0.9 for the associated variables, the
guestionnaire can be utilized for formal research with confidence. Six latent variables are assessed in the second
section, which comprises the bulk of the questionnaire. The initial section consists of personal information.

4. Results

The data analysis for the current research was performed in three distinct phases prior to the structural analysis. In the first phase
descriptive statistics and correlation matrix are presented. CFA was utilized to validate the PLS measurement model initially, then
outer loadings and reliability were assessed. Convergent and discriminant validities are assessed for all variables during the
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second phase. The table 1 & 2 shows the descriptive statistics and correlation matrix respectively that confirm the descriptive
analysis of the constructs for further analysis. The outer loadings specify the minimum criterion of 0.6 for each item's loading in
the corresponding factor. Therefore, each of the constructs successfully met the minimum criterion of 0.6. Composite reliability
is the most suitable metric for verifying the internal consistency of the constructs. 0.7 represents the minimum threshold for
composite reliability. Therefore, each construct satisfies the minimum requirements, as shown in Table 3. The AVE value, which
must be greater than 0.5, verifies the convergent validity (Fornell; Larcker, 1981). The 0.5 criteria specify that any discrepancies
in the constructs are attributable to particular objects. Consequently, each of the constructs examined in this research study met
the minimum threshold of 0.5 (refer to Table 3). Additionally, it is imperative to validate discriminant validity during the data
analysis phase. It demonstrates how every construct is distinct from the others. If the square root of the AVE for each construct
is greater than the correlation of all other constructs, then discriminant validity is confirmed. All variables attain discriminant
validity, as evidenced by the fact that the diagonal value (square root of AVE) is greater than the bivariate correlation of other
constructs (Refer to Table 4). As a consequence, the model demonstrates discriminant validity. The goodness-of-fit formula was
employed in the concluding stage to validate the hypothesized model. Criteria consist of R2, Q2 and model fit also measured
with SRMR and NFl values.

Table 1: Descriptive Statistics.

Mean Std. Deviation

Al Accuracy 4.314 1.545

Al Insight 5.666 0.960

Al Interactive 4.161 1.545

Consideration Set 5.456 1.174

Product Selection 5.466 1.155

Table 2: Correlation Matrix.
Al Accuracy Al Insight Al Interactive Consideration Set Product Selection
Al Accuracy 1
Al Insight 0.117 1
Al Interactive 791" 0.103 1
Consideration Set 443" .356™" .367"" 1

Product Selection .340™ .318™ 291" 552" 1

**, Correlation is significant at the 0.01 level (2-tailed).

Table 3: Outer Loadings, Reliability and Convergent Validity.

Latent Constructs Items Outer loadings Composite Reliability AVE
AIAC1 0.935

Al Information Accuracy AIAC2 0.925 0.942 0.844
AIAC3 0.896
AlIN1 0.875

Al Information Insight AlIN2 0.888 0.894 0.737
AIIN3 0.843
AllT1 0.849

Al Information Interactivity AllT2 0.877 0.902 0.755
AllT3 0.856
CS1 0.843

Consideration set CS2 0.867 0.896 0.741
CS3 0.866
SP1 0.854
) SP2 0.862

Selection of Product P3 0.882 0.925 0.756
SP4 0.880

Table 4: Discriminant Validity.

1 2 3 4 5
1 0.919
2 0.116 0.859
3 0.722 0.183 0.869
4 0.445 0.357 0.462 0.861
5 0.344 0.321 0.263 0.552 0.869

4.1 Structural Paths

This study used 500 bootstrapping with 572 respondents to investigate the model's path coefficient for statistical significance.
The detailed estimations of the structural routes are shown in Tables 5 and 6. First, talk about the indirect hypothesis that
suggests a favorable relationship between the accuracy of Al knowledge and product selection using a consideration set. The
outcome shows that the suggested hypothesis and the data have a significant (p=0.001) and positive effect (f=0.112). This
implies that the indirect hypothesis is true. The next hypothesis proposes a direct and positive relationship between the
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consideration set and the accuracy of Al knowledge. The findings indicate that, with a confidence level of 5%, Al information
accuracy significantly influences ($=0.243) consideration. As a result, the suggested hypothesis is validated. The third
hypothesis suggests a positive and direct correlation between the product selection process and the consideration set. The
outcome shows that the consideration set is the strongest (3=0.463) and most significant predictor of product selection
(p=0.000). The fourth hypothesis, which has one tail, suggests a positive indirect effect between product selection and Al
information insight, with consideration set acting as a mediator. Using a consideration set with 99% confidence, the structural
model shows that Al information insight influences product selection in a positive way ($=0.132). The fifth hypothesis is the
Al information insight that positively affects the consideration set. The outcome shows that, with a 99% confidence level, Al
information insight has a positive impact (3=0.286) on consideration. Using a consideration set, the sixth relationship between
the Al information interactive and product selection is suggested. The findings demonstrate that product selection via
consideration set is positively and significantly influenced by Al information interactive (f=0.109; p=0.005). Analyzing the
impact of Al information interactive and product selection is the final hypothesis. The findings show that the consideration
set is significantly (p=0.005) and positively (8=0.235) influenced by Al information interactive. Table 5 displays all of the direct
hypotheses outcomes, while Table 6 displays all particular indirect results. The particular indirect demonstrates that although
Al interaction has full mediation, Al information accuracy and insight have partial mediation. Only the partial or complete
mediation is shown, not the direct impact of predictors on outcomes. The goodness of fit of the model is represented by the
coefficient's determinant (see table 9). The percentage shows how the independent variables have affected the dependent
variables. R2 is a tool for explaining model variance. The statistical method known as R2 is used to explain the regress relation
of the suggested relationships. With an R2 of 0.319, the three overconfidence bias drivers account for just 31.9% of the
variation in the consideration set. Table 7 demonstrates that the product selection's R2 is 0.345, indicating a mere 34.5%
variation by the consideration set. In the current investigation, the R2 value is moderate. The criterion of predictive accuracy,
or Q2, is a measure of the model's predictive relevance. Stone-Geisser's Q2 is another name for it. Q2 has to be more than
zero. The dependent variables cannot be explained by any independent variable if the value is less than zero. Table 6 of this
study reveals that the Q2 values for the consideration set are 0.217 and 0.238 for the product selection. Q2 is greater than 0
in this investigation. The predictors that explain the model are therefore pertinent.

Table 5: Direct Path Coefficient.

Coefficient T Value P Values
Al Information Accuracy -> Consideration set 0.234 3.023 0.003
Al Information Accuracy -> Selection of Product 0.215 3.051 0.002
Al Information Insight -> Consideration set 0.288 5.023 0.000
Al Information Insight -> Selection of Product 0.16 2.297 0.022
Al Information Interactivity -> Consideration set 0.242 2.816 0.005
Al Information Interactivity -> Selection of Product -0.131 1.704 0.089
Consideration set -> Selection of Product 0.458 5.989 0.000
Table 6: Specific Indirect Hypotheses.
Coefficient T Values P Values
Al Information Accuracy -> Consideration set -> Selection of Product 0.112 2.537 0.011
Al Information Insight -> Consideration set -> Selection of Product 0.132 3.822 0.000
Al Information Interactivity -> Consideration set -> Selection of Product 0.109 2.842 0.005
Table 7: R Square.
R Square R Square Adjusted
Consideration set 0.319 0.311
Selection of Product 0.345 0.334
Table 8: Q square.
Q? (=1-SSE/SSO)
Consideration set 0.217
Selection of Product 0.238
Table 9: Model Fit.
Saturated Model Estimated Model
SRMR 0.057 0.057
d_ULS 0.440 0.440
d_G 0.301 0.301
Chi-Square 467.874 467.874
NFI 0.816 0.816

5. Discussion
Consumers are more likely to give greater consideration to a product when the information provided by Al is more accurate.
Consumer satisfaction with the accuracy of text retrieval facilitated by Al information is highest, according to the survey results.
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However, their satisfaction with image recognition technology and voice recognition technology is comparatively lower, as the
accuracy provided by these technologies can negatively impact the retrieval experience of consumers. The enhancement of
product evaluation through the utilization of accurate Al information suggests that consumers perceive Al information as having
greater value in relation to time and money savings, purchasing convenience, and convenience (Tsai et al., 2020). A procuring
platform is more effectively able to assist consumers in their product selection when its Al information provides a higher degree
of insight. When the results of the survey are considered, the level of consumer recognition for Al information insight surpasses
that of its interactivity and accuracy. Simultaneously, Al information provides online consumers with an insight experience (Ma;
Sun, 2020). This not only leads to enhanced product consideration but also has the potential to heighten purchase intentions,
pique curiosity during the consumption process, and stimulate shopping desire and interest. The influence of consumers'
consideration sets on their product selection is the most significant predictor among them.

A greater degree of interaction between Al information and consumers on an e-commerce platform facilitates the
development of consumers' product considerations and selection with intention to buy. The contentment of consumers
with regard to an Al virtual assistant is comparatively lower than their satisfaction with regard to accuracy and insights.
Simultaneously, the interactive nature of Al-generated information on e-commerce platforms fails to adequately
encourage the development of this set of considerations. This demonstrates that current Al technology is insufficient
to meet the demands of consumers for personalized and emotive communication in instances involving relatively
complex semantic and human-computer interactions. Currently, Al interactive is limited to resolving conventional
issues, including those pertaining to product description, delivery time, and logistics information. The interaction
between Al customer service and the consumer is given less weight than accuracy and insight.

To begin with, the mediating role of consideration sets is positive in the relationship between Al information and consumers'
product selection. This suggests that Al information has the potential to influence consumers' product selection through the
mediation of consideration. Furthermore, in comparison to alternative predictors, consumers' purchase intention garners the
most substantial promotion. The widespread adoption of Al information in e-commerce platforms has resulted in the routine
implementation of functional requirements such as product selection, shopping efficiency, and convenience. As a
consequence, consumers perceive a greater sense of value-added, leading to greater variations in their consideration sets.
With the assistance of Al technology, consumers prefer an online purchasing experience that is more spiritual in nature,
evoking delight, relaxation, and stimulation. Al information demonstrates proficiency in dynamically adjusting its
recommendation trajectory in response to consumer behavior, consistently identifying potential demand, and directly inciting
consumers' desire to make purchases (Bjerlo et al., 2021). When engaging in online purchasing, the contemplation set
assumes a pivotal role in influencing consumers' product selection and purchase intent.

Al is extensively utilized in procuring as a form of technology to assist businesses in increasing their sales volume and to assist
customers in identifying the most suitable product that satisfies their needs but does not operate in a direct manner. During the
product selection process, consumers seek an emotion that imbues various services and assistance with value. Before deciding
which product to purchase, they simply compile a desire list as a consideration set. For instance, factors such as cost and
experience can influence the decision to purchase a product (Gkikas; Theodoridis, 2022). Consideration sets are effective mediators
between Al information and consumers' purchasing decisions on an online retail platform, according to the findings of this study.

5.1. Practical Implication

It is imperative for organizations to uphold the sustainability of Al technological information and marketing investments. This
entails the ongoing enhancement and modernization of intelligent search, intelligent recommendation, and intelligent
interaction technologies, the improvement of search engine precision for various character fields, images, voice, and image
retrieval, and the strengthening of big data retrieval services' technical capabilities. Sustainable optimization of the platform
algorithm, enhancement of the platform's Al insight capability, and stimulation of consumer shopping desire can be achieved
through the mining of consumer behavior rules, prediction of consumers' intention to select a product, and optimization of
the pleasure experience, including relaxation and enjoyment in shopping. It is recommended that organizations enhance their
capacity for research and development pertaining to Al interaction technology. This would enable them to surmount the
current technical obstacle pertaining to the comprehension and natural language learning of Al customer service, ultimately
resulting in a more precise and gratifying interaction environment for users. Enterprises that operate online shopping
platforms ought to consider the technological impact that Al data has on the selection process of consumers and broaden
their application boundaries in accordance with consumers' intentions regarding online purchasing. Simultaneously, they
should accelerate the formation of consumers' intentions to select and purchase products by enhancing the integration of
machine vision, artificial neural networks, and other technologies with the online shopping domain, broadening the
investigation of consumers' eye movement, expression change, and reasoning psychological state change, and gaining a more
precise understanding of the factors that influence consumers' perception in order to select the product.

5.2. Theoretical Implication

This investigation possesses threefold academic and theoretical significance. This study addresses a gap in the local and
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global literature regarding Al information by conducting an analysis of the comprehensive application of Al information
in the domain of online purchasing. Furthermore, this research study broadens the scope of information technology
applications by examining how consumers' product selection is influenced by the stimulus variable of Al technology
experience. It accomplishes this by employing consideration set as a mediating mechanism and confirming the
significance of the mediating effects of consideration set. This study concludes by assessing the precision, insight, and
interactivity of Al in relation to direct and specific indirect differential paths. It concludes that the weightage assigned
to the three types of information is considerably greater than that assigned to product selection with the intention to
purchase. It furnishes a point of reference for Al information that facilitates the application of online consumer product
selection in order to advance sustainable development.

5.3. Limitation and Future Direction

This research has some limitations that must be investigated further in future investigations of Al-related information.
To begin with, this study exclusively examines Al information from the consumer's perspective in order to underscore
the fundamental determinants. However, future research may expand to encompass additional Al technologies and
attributes of Al information, including but not limited to accessibility, reliability, and timeliness. This study employed
cross-sectional data, whereas future research will utilize longitudinal data to bolster the findings. This research solely
examined a single mediator. Nevertheless, additional mediators may be employed in the future.
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